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Pseudocode for RF

Input: Dataset D with features F and labels L
Output: Predicted labels for test data

1. Split dataset D into training set (§0%) and testing set (20%)
2. Apply correlation-based feature selection to select essential features F_selected
3. Initialize Random Forest with n_estimators = 100, max_depth = None
4. For each tree in Random Forest:
a. Sample subser of training data with replacement
b. Select random subset of features from F_selected
c. Build decision tree using Gini impurity
5. Aggregate predictions from all trees using majority voting
6. Evaluate model on testing set using Accuracy, Precision, Recall, Fl-score, and ROC-AUC

Pseudocode for SVM

Input: Dataset D with features F and labels L
Qutput: Predicted labels for test data

1. Split dataset D into training set (§0%) and testing set (20%)
2. Apply correlation-based feature selection to select essential features Fselected
3. Initialize SVM classifier with RBF kernel, C = 1.0, gamma = 'scale’
4. Train SVM on training data
5. For each test sample:
a. Compute distance from the decision boundary
b. Assign label based on which side of the hyperplane(the sample lies
6. Evaluate model on testing set using Accuracy, Precision, Recall, Fl-score, and ROC-AUC
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Pseudocode for Naive Bayes

Input: Dataset D with features F and labels L
Qutput: Predicted labels for test data

1. Splir dataset D into training set (80%) and testing ser (20%s)
2. Apply correlation-based feature selection to select essential features F_selected
3. Initialize Gaussian Naive Bayes classifier
4. Fit classifier to training data:
a. Compute mean and standard deviation for each feature per class
b. Caleulate class prior probabilities
5. For each test sample:
a. Compute posterior probability for each class using Bayes' theorem
b. Assign class with highest posterior probability
6. Evaluate model on testing set using Accuracy, Precision, Recall, Fl-score, and ROC-AUC

Pseudocode for Logistic regression

Input: Dataset D with features F and labels L
QOutput: Predicted labels for test data

1. Split dataset I into training set (80%) and testing set (20%)
2. Apply correlation-based feature selection to select essential features F_selected
3. Initialize Logistic Regression classifier
4. Fit classifier to rraining data:
a. Compute coefficients for each feature by minimizing cvoss-entropy loss
b. Apply gradient descent to optimize coefficients
5. For each test sample:
a. Caleulate probability of belonging to malware class using logistic function
b. Assign class label based on probability threshold (0.5)
6. Evaluate model on testing set using Accuracy, Precision, Recall, F1-score, and ROC-AUC



